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5 STATAOOO

/**Production Function**/

use ”cobb.dta”, clear
/**data generation**/
gen k=exp(Ink)

gen 1=exp(lnl)

gen y=exp(Iny)

gen pery=y/l

gen perk=k/]

/*Ordinary Least Squares:OLS OO */
reg Iny Ink Inl

test Ink+ Inl=1

hettest

ovtest

estimates store olssual

reg lny Ink Inl, robust

test Ink+ Inl=1

ovtest

estimates store olsrobust

/*Weighted Least Squares:WLS O O */
gen abslnk=abs(Ink)
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reg Iny Ink Inl [aweight=1/abslnk],robust/*0 000000000000
ax*/

test lnk+ Inl=1

ovtest

estimates store wlsrobust

gen abslnl=abs(Inl)

reg Iny Ink Inl [aweight=1/abslnl],robust/*0 0000000000 */

test Ink+ Inl=1

ovtest

/*Geleralized Least Squares:GLS O O */

gen Inksq=Ink*Ink

reg Iny Ink Inl [aweight=1/Inksq], robust/*0 000000000000
o*/

predict Inyhat

test Ink+ Inl=1

ovtest

estimates store glsrobust

gen Inlsq=Inl*Inl

reg Iny Ink Inl [aweight=1/Inlsq], robust/*0 0000000000 */

test Ink+ Inl=1

ovtest

/*Generalized Linear Models: GLM O O */

/*Maximum Likelihood Method*/

glm Iny Ink Inl, family(gaussian) link(identity)

glm Iny Ink Inl, family(gaussian) link(identity) robust

estimates store glmrobust

/*table*/
estimates table olsrobust wlsrobust glsrobust, se stats(N r2) b(%7.3f)
keep(Ink Inl _cons)

/*Graphics 0O 1*/

twoway (scatter pery perk)(fpfit pery perk), /*

*/ytitle (Percapita Output) /*

* /xtitle(Percapita Capital)/*

* /legend(label(1 ” Actual Percapita Output”) label(2 ”Predicted Percapita
Output”))

graph save ”Production.gph”, replace

/**Time series consumption function **/
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use ”consump.dta”, clear

/**time series setting™*/

tsset year

/**regression**/
/*level regression*/
reg rcons i3 inf rdisp
hettest

ovtest

dwstat

reg cy

predict chat
hettest

ovtest

dwstat

/*log linear regression*/

reg lc ly i3

predict Ichat

hettest

ovtest

dwstat

/*dynamic linear regression*/
reggc gy gcl ge2gylgy2r3r3.1r32
hettest

ovtest

dwstat

reg gc gy
predict gegy
hettest
ovtest
dwstat

/*graph*/
twoway (scatter lc ly)(line Ichat ly)
graph save ”consumptionl.gph”, replace /*0 00 */

twoway (scatter ¢ y)(line chat y)
graph save ”consumption0.gph”, replace /*00 0 */

13



0oo0o0o0ooooooo 14

graph combine consumption0.gph consumptionl.gph

graph save " TSconsumption.gph”, replace /*0 0 */

/**Vietnam Living Standard Survey Data**/

use ”vietnam_ex1.dta”, clear

reg lhhex12m lhhexpl
predict pols
reg lhhex12m lhhexpl, robust

twoway (scatter lhhex12m lhhexpl)(line pols lhhexpl), ytitle(Log House-
hold Total Expenditure) xtitle(Log Household Medical Expenditure)/*

*/ legend(pos(11) ring(0) col(1)) legend(size(small)) /*

*/ legend( label(1 ” Actual Data”) label(2 ”Mean”))

graph save ”consumption2.gph”, replace /*0 00 */

* Bootstrap standard errors for OLS

set seed 10101

* bs "reg Inmed Intotal” ”_b[lntotal]”, reps(100)
* (1) Quantile and median regression for quantiles 0.1, 0.5 and 0.9
* Save prediction to construct Figure 4.2.

greg lhhex12m lhhexpl, quant(.10)

predict pqregl0

greg lhhex12m lhhexpl, quant(.5)

predict pqregb0

greg lhhex12m lhhexpl, quant(.90)

predict pqreg90

graph twoway (scatter lhhex12m lhhexpl) (Ifit pqreg90 lhhexpl) /*
*/ (lfit pqreg50 lhhexpl) (Ifit pqregl0 lhhexpl), /*

*/ xtitle(” Log Household Medical Expenditure”) /*

*/ ytitle(” Log Household Total Expenditure”) /*

*/ legend(pos(11) ring(0) col(1)) legend(size(small)) /*

*/ legend( label(1 ” Actual Data”) label(2 ”90th percentile”) /*

*/ label(3 "Median”) label(4 ”10th percentile”))

graph save ”consumption3.gph”, replace

/*Cameron and Trivedi (2005, Figure 4.2 p.90) 0000000 30%*/

graph combine consumption2.gph consumption3.gph

graph save ”CSconsumption.gph”, replace /*00 */



00000oOooooo 15

good

1]
2]
3]

[4]

[5]

0000 (2005) 000000000MOO0O0
oooob1mooobooboo@moog
Amemiya, Takeshi.(1985) Advanced Econometrics, Blackwell.

Baum,Christopher F.(2006) An Introduction to Modern Econometrics
using Stata, Stata Press.

Breusch, T.S. and Pagan,A.R.(1979) “A Simple Test for Heteroskedas-
ticity and Random Coefficient Variation”, Econometrica, 47, pp.1287-
1294.

Cameron, A.C. and Trivedi, P.K.(2005) Microeconometrics: Methods
and Applications, Cambridge University Press.

Davidson, Russell and MacKinnon, James G.(2004) Econometric The-
ory and Methods, Oxford University Press.

Koenker, Roger. (2005) Quantile Regression, Cambridge University
Press.

White, Hilbert.(1980) “A Heteroskedasticity-Consistent Covariance
Matrix Estimator and a Direct Test for Heteroskedasticity”, Econo-
metrica, 48, pp.817-838,

Winklemann, Rainer and Boes, Stefan.(2005) Analysis of Microdata,
Springer.

Wooldridge, Jeffrey. M.(2003) Econometric Analysis of Cross Section
and Panel Data, The MIT Press



x1 AT FISRBLEEBROHETE

WERBALE S Iny

OLS

Coef.  Robust-t

WLS
Coef.  Robust-t

GLS
Coef.  Robust-t

GLM

Coef.  Robust-t

EREAZEH
Ink 0.347 1.75 0.343 7.96 0.340 8.14 0.347 8.03
Inl 0.414 11.75 0.407 11.03 0.397 10.23 0.414 12.18
_cons 0.450 1.53 0.509 1.71 0.571 1.91 0.450 1.58

HE=E 30 30 30 30

F(2,27) 95.20 86.65 79.10

R-squared 0.875 0.88 0.882

Residual df 27

Scale prameter 0.240

(1/df) Deviance 0.240

(1/df) Pearson 0.240

AIC -0.802

BIC -91.187

test Ink+Inl=1

Breusch-Pagan/Cook-

Weisberg test for

heteroskedasticity

Ramsey RESET test

F(1,27)=16.76
Prob>F=0.000

chi2(1)=0.25
Prob>chi2=0.6188

F(3,24)=1.48
Prob>F=0.246

F(1,27)=18.17
Prob>F=0.000

F(3,24)=1.76
Prob>F=0.182

F(1,27)=19.63
Prob>F=0.000

F(3,24)=2.10
Prob>F=0.127




&2 BRINT—RIKLHHEBRDOETE

e c I gc
AR Coef. t Coef. t Coef. t
ERBAZEH
y 0.779 112.79
ly 0.956 109.03
i3 -0.002 -3.00
gy 0.571 8.47
cons 463.179 4.69 0.229 2.81 0.008 4.25
B 37 37 36
R-squared 0.997 0.998 0.679
Adj R—squared 0.997 0.998 0.669
Root MSE 133.09 0.011 0.007
Breusch™Pagan/ Gook- chi2(1)=1.14 chi2(1)=0.36 chi2(1)=1.23
! g .. Prob>chi2=0.285 Prob>chi2=0.550 Prob>chi2=0.267
heteroskedasticity
F(3,32)=10.02 F(3,31)=10.02 F(3,31)=3.67
Ramsey RESET test Prob>F=0.000 Prob>F=0.000 Prob>F=0.023
Durbin-Watson statistic (2,37)=0.804 (3,37)=0.686 (2,36)=2.115
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