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— See 7.2.1 of Campbell, Lo, and MacKinlay (1997) for
details.
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obs. 0 95% CL: p OLS 8 90% CI: g3

(1) Monthly
1970:6-2006:6 432 —0.646 [0.996,1.004] 0.003 [—0.012,0.003]
1990:1-2006:6 192 —0.641 [0.989,1.009] 0.034 [—0.020,0.025]

(2) Quarterly
70:2Q-06:2Q 146 —0.716 [0.981,1.012] 0.022 [—0.024,0.026]
90:1Q-06:2Q 65 —0.686 [0.924,1.013] 0.126  [—0.022,0.128]
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Ang and Bekaert (2008, RFS)

. Predictability is mainly a short-horizon, not a long-horizon, phenomenon.

The predictive ability of the dividend yield is best seen in a bivariate
regression with short rates only at short horizons.

. The strongest predictability comes from the short rate rather than from

the dividend yield.

. High dividend yields predict high future interest rates.

. Dividend and earnings yields have good predictive power for future

cashflow growth rates, but not future excess returns. Hence, a poten-
tially important source of variation in price-earnings and price-dividend
ratios is the predictable component in cashflows.
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e Cochrane (2008, RFS)

1. If returns are not predictable, dividend growth must be predictable,
to generate the observed variation in divided yields. I find that the
absence of dividend growth predictability gives stronger evidence than
does the presence of return predictability.

2. Long-horizon return forecasts give the same strong evidence. These
tests exploit the negative correlation of return forecasts with dividend-
yield autocorrelation across samples, together with sensible upper bounds
on dividend-yield autocorrelation, to deliver more powerful statistics.

I reconcile my findings with the literature that finds poor power in
long-horizon return forecasts, and with the literature that notes the
poor out-of-sample R? of return-forecasting regressions
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